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Evidential neural network classifier

O @ The learning set is summarized by r
O Oo o prototypes.
> Euugxm O al m| O O. 2 e Each prototype p; has membership
.|:| d @ degree uy to each class wy, with

i,

(m] O ﬂ', PO O ZE:1 Ui = 1.

@ Each prototype p; is a piece of evidence
about the class of x; its reliability
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2020 An evidential classifier based on Dempster-Shafer theory and - Neurocomputing
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Special Issue: Advances in Nondestructive Testing and Evaluation

Guest Editors

Short Special Issue Information
Prof. Dr. Jinyi Lee

Chosun University, Korea Non-destructive testing and evaluation (NDT&E) is the leading technique for

determining the appropriate quality and reliability of various materials, especially
components, devices, and structures, by enabling the evaluation and localization of
anomalies (manufacturing imperfections, defects, corrosion, deformation,
discontinuities, external and internal cracks, etc.) during production and fabrication,
and during products’ life cycles, without harming the original part NDT&E
technologies include ultrasonic testing (UT), magnetic particle testing (MT),
magnetic flux leakage testing (MFLT), eddy current testing (ECT), radiation testing
(RT), penetrant testing (PT) and visual testing (VT), along with a set of other testing
techniques for industrial applications. Additionally, NDT&E technologies offer a high

jinyilee@chosun.ac kr

Dr. Azouaou Berkache
Chosun University, Korea
azouaoubrk@yahoo fr

Dr. Minhhuy Le
Phenikaa University, Vietnam
huy leminh@phenikaa-uni.edu vn

level of safety, sustainability and economic efficiency. On the other hand, they play

Dr.Zheng Tong an important role in today’'s manufacturing industry, primarily in Industry 4.0.

Southeast University, China

zheng.tong@hds. utc fr The purpose of this special issue is to shed light on recent advances in the field of
_ _ 2 non-destructive testing and evaluation, including novel and emerging approaches
E E Deadline for manuscript submissions _ ) _ _ _
’ - 20 September 2022 for non-destructive testing and evaluation, inverse problem evaluation, and

pioneering applications for a vast array of industries and laborataories.
Editorial Office: applsci@mdpi.com

Assistant Editor: sonya gin@mdpi.com
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No. of Cases

B Linked to Huanan market [ Mot linked to Huanan market

A novel coronavirus was officially
announced as the causative
pathogen of the outbreak

by China CDC

— China CDC publicly shared the gene sequence
of the novel corenavirus; completed PCR
diagnostic reagent development and testing

PCR diagnostic reagents provided to Wuhan

— First confirmed case from Wuhan
reported outside China (in Thailand)

China CDC Level 2 emergency
IEsponseactivated — China CDC emergency response level
50+ i 3 . 2 upgraded to Level 1 (the highest level);
Emergency monitoring, case investigation, national technical protocols for 2019-
45 close contact management, and market ACoV released by NHC
investigation initiated, technical protocols ]
40 for Wuhan released_: NHC notified WHO — Strict exit screening measures activated
and relevam‘ countries and regions; gene in Wuhan, people with body temperature
3c_ | sequencing completed by China CDC < =37.3°C were restricted from leaving
RN
304 Huanan Seafood Wholesale I First confirmed case reported in another
Market closed province in China (in a person who
had traveled from Wuhan); China CDC
25+ Outbreak announced by WHC; issued test reagent to all provinces
NHC and China CDC involved in China
20+ in investigation and response
MNCIP incorporated as a notifiable
15— Case-finding activated disease in the Infectious Disease
Law and Health and Quarantine
104 Pneumonia cases linked Law in China
to the Huanan Seafood
5 Wholesale Market Reagent probes and primers
L_ shared with the public by
0 - ] m [em China CDC
T T T T T T T
27 30 3 6 9 1z 15 18 21 24 Z7 30 - 5 8 11 14 17 20
L ) T s
Nov. Dec Jan
L J L 1 ”
2019 2020 5 I

Outbreak Period
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